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CORE COMPETENCIES

Internet of Things (loT): Expert in loT
solutions, including smart health

platforms and energy-saving applications.

Academic Leadership: Proven track
record in academic administration and
curriculum development.

Research & Development: Strong
background in integrated systems,
microelectronics, and communication
technologies.

Public Speaking & Training: Skilled in
delivering engaging presentations and
workshops to diverse audiences.
Consultancy & Project Management:
Extensive experience in advising
organizations on technology integration
and innovation strategies.

CONTACT

® 065-196-9951
© surachai.th@spu.ac.th

®© linkedin.com/in/surachai-thongkaew

© surachaiportfolio.com

DR. SURACHAI THONGKAEW, PH.D.

Director of the Thai loT Academy
EDUCATION

« Ph.D. in Communication and Integrated Systems, Tokyo Institute of Technology,Japan
« M.E. in Microelectronics, Asian Institute of Technology, Thailand
 B.E. in Computer Engineering, Sripatum University, Thailand

PROFESSIONAL EXPERIENCE

ACADEMIC LEADERSHIP

* Head of Information Comunication Technology, Schoof Infomation Technology, Sripatum University (Presending a tean
to innovate curriculum and enhance student engagement.

* Lecturer, Computer Engineering, School of Information Technology, Sripatum University (2015 - 2022): Developed new course
materials in loT and microelectronics.

+ Assistant Dean for Student Affairs, School of Information Technology, Sripatum University (2006 - 2010): Championed student
welfare initiatives, improving retention rates.

* Instructor, Computer Engineering School of Information Technology, Sripatum University (2001-2006)

CONSULTING ROLES - Consultant for various companies, providing insights into loT project implementation and dital
transformation strategies, Includilin

« ASAHI DENSO R&D ASIA CO. LTD: Advised on loT integration in automotive systems, resuting in 15% efficy improvement

« State Railway of Thalland: Developed loT-based monitoring system, reducing maintenance costs of warehouse by 25%

« Smart Health Platform: Led development of mobile app with 10,000+ active users, improving patient engagement by 40%
PROJECTS

* Smart Farming (2021 - Present):

» Developed loT solutions for banana plantation in Phetchaburi and mushroom cultivation in Ayutthaya

* Increased crop yield by 30% and reduced water usage by 25%
SMART INDUSTRIAL SOLUTIONS (2020 - 2021)

« Keynote speaker at leading industry conferences and educational institutions, including:

« National Institute of Metrology

» CAT Telecom Public Company Limited

« PTT Exploration and Production Public Company Limited
DIGITAL LEARNING PLATFORM (2019 - 2020)

» Launched an educational platform in Satun Province, promoting digital literacy

« Reached 5,000+ students, improving digital skills assessment scores by 40%
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Sustainable Production
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